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Table 1
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Comparison of operators between Basic and proposed BLMS-ADF. Ny, and Np indicates anumber

[ Architecture |[ Multiplier I Adder ( Register MUX | DEMUX
LMS-ADF 2p+1 Ny tpitl 2p-1 0 0
Basic BLMS-ADF L(2p+1) | LN +p(14Ny) | 2L{p-+2}+2p-3 0 0
Proposed BLMS-ADF Lp L{1+N, )+p(1+Ny,) 6L ++4p-4 L L

Table 2 Comparison of number of gates between Basic and proposed BLMS-ADF for p=1.=12%

Architecture H Multiplier [ Adder | Register Mux DeMux “ Total ‘
Basic BLMS-ADF || 71,252,736 [ 804,864 [ 2,137,920 | 0 0 [ 74,195,520 |
Proposed BLMS-ADF || 35,487,744 | 804,864 | 73,536 | 1,343,488 | 1,101,824 || 38,811,456 |
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Fig. 10 Timming chart of proposed BLMS adap-
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