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Fig. 2 Pioneer 3-DX mobile robot
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Fig. 4 After Pass Through filter
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Fig.5 Before Voxel Grid filter



Fig. 6 After Voxel Grid filter
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Fig.8 The 3D map which was generated
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Fig.9 Quantity of estimated movement
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Fig. 10 Measurement method
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Fig. 11 Measurement method

rzfm
7277 L. IEONXeft, riZrightZRd, D
%, EEENZRUICEBNT, TXTOEI XD
HCHEEDN RN DB ZERSERD D,
i'=argmin(ry)
i'=argmin(r,;)
BRI, FEEY O IRNZER O B/ NREEL 2 X
TRD D,
L= x|+ x|

AT PTRERE I O E I WV D IR IT, 2R
N OMIEN S LR E b ool E L, 4RI
45cm& L7-,

FEY) & L CHMZRIZRD b 0, BRI
DOHOE TRy METHFIZEBW T, E17 A REEk
DHIEFEBRZIT O,

ET. HIGTIZ2ODEBR— VT ENTSGE
IZOWTEREZ(TS (Fig.12) , ZIZTiE, B
R — VI O i R A 10cm~60cm E T 10em%)
HTCEZTHGAEITOWTHIEZEIT O, FEBRFEE

Fig. 12 Data to measure

Table 2 Measurement result
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[cm] [cm]

10 11.6 X
20 19.6 X
30 30.0 X
40 40. 4 X
50 49.7 O
60 62. 0 O

Fig. 13 Data to measure

Table 3 Measurement result
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[cm] [cm]

10 11.6 X
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30 30. 7 X
40 43.5 X
50 48. 1 O
60 60. 5 O
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