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Fig. 1  Our platform MAV (AR.Drone2.0;
Parrot Corp.).
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target objects and flight trajectory.

Experiment environment with the

Table 1  Three patterns of obtained datasets.

Pattern Objects Occlusion
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B desk n

C chair and desk y
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gions: (a) high saliency regions of the sixth
image, (b) SM of the sixth image, (c) high
saliency regions of the seventh image, and (d)

Detection results of attentional re-

SM of the seventh image.
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Fig. 5
tive patterns (blue line: Pattern A, red line:

Segmentation accuracies in respec-

Pattern B, green line: Pattern C of chair, and
yellow line: Pattern C of desk. The accura-
cies dropped to zero signify false extraction of
attentional points.
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chair: (a) result of the fourth image, (b) GT
of the fourth image (c) result of the seventh

Segmentation results and GT for the

image, and (d) GT of the seventh image.

Fig. 7 Segmentation results and GT for the
table: (a) result of the third image, (b) GT of
the third image (c) result of the fourth image,
and (d) GT of the fourth image.
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