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Motion Capture data downloaded from “CMU Mocap Database™ [3]
Walk (35_01 - 10), Run (09_01 - 09), Punch sequence (144 13, 14, 21), Modern dance (05_04, 07, 10, 11, 13, 14).
Charleston (103_03 - 08), Salsa (94 01 - 10), Indian dance (94 01 - 10).

Fig. 1 Feature-quantity distribution of Mocap data (Gaussian filter).
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Motion Capture data downloaded from “CMU Mocap Database” [3]
Walk (35_01 - 10), Run (09_01 - 09), Punch sequence (144 13, 14, 21), Modern dance (05_04, 07, 10, 11, 13, 14).
Charleston (103_03 - 08), Salsa (94_01 - 10), Indian dance (94_01 - 10).

Fig. 2 Feature-quantity distribution of Mocap data (Ideal low-pass filter).
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®Walk ®Run Punch sequence Modern dance  ® Charleston ® Salsa @ Indian dance

9 9
8 8
7 7
é" 6 [ ] ® Z6 [ J Y
< [) =
(V]
gs ¢ o $s o8} &
€ ) 1S
8 4 y 8 4 °
() ® ®
3 R o 3 ...o
2 ' b 2 ’ ®
1 . 1 .
0 1 2 3 4 5 0 1 2 3 4 5
Intensity Intensity

Motion Capture data downloaded from “CMU Mocap Database” [3]
Walk (35_01 - 10), Run (09_01 - 09), Punch sequence (144 13, 14, 21), Modern dance (05_04, 07, 10, 11, 13, 14).
Charleston (103_03 - 08), Salsa (94_01 - 10), Indian dance (94_01 - 10).

Fig. 3 Feature-quantity distribution of Mocap data (Butterworth filter).
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Motion Capture data downloaded from “CMU Mocap Database” [3]
Walk (35_01 - 10), Run (09_01 - 09), Punch sequence (144 13, 14, 21), Modern dance (05_04, 07, 10, 11, 13, 14).
Charleston (103_03 - 08), Salsa (94_01 - 10), Indian dance (94_01 - 10).

Fig. 4 Feature-quantity distribution of Mocap data (Chebyshev filter).

Table 1 Evaluation of grouping characteristics 4. BHYI(C
for each LPF in scatter plots.
DB index Mininun DB Index R 7 1 V& DRI L OVE R E
Low-pass filter (k,=k,=0) DB ind Frequency P
17Ky ndex  yeighting re%ﬁ‘;?cy - 11> = -
Gaussian filter 0.928 0.494 =2, k=1 9.0 HETICLY, BN 2EEL T 2
Ideal low-pass filter 0.863 0. 482 k=2, ky=0 8.0 o R . Ly o
Butterworth filter 0. 968 0.497 k=2, ky=0 5.0 U : k O)%Tﬁ GZ & O) cl: 9 fﬁ%ﬁ% %& ﬁ‘a—ﬁ‘
Chebyshev filter 0.920 0.514 k=2, ky=1 4.0
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