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Fig. 1. Active inference architecture.
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Table 1: Decoder model architecture.

Layer output

FC1 512

FC2 1024

FC3 4096
upConvl 64x32x32
Convl 128x32x32
upConv2 64x64x64
Conv2 64x64x64
Dropout(p=0.15)  64x64x64
upConv3 1x128x128
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Table 2: Active inference parameters.
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1 150 0.001 2 x 1073
2 100 0.005 5 X103
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Fig. 2: Mean L2norm comparison.
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