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Fig. 1: Perceiver M. Perceiver architec-
ture
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Table 2: IEfE# [%)]. Accuracy scores [%).

Input type Perceiver ViAuT
STFT-dB 99.99 100.00
FFT-dB 99.66 99.93
image only 60.59 65.93

Table 3: #EamIF R [s]. Inference time [s].

Input type Perceiver ViAuT
STEFT-dB 2.8005 0.3024
FFT-dB 2.7096 0.2538
image only  2.6819 0.2344

YHEERD ORI 21TR 2 7 LTV XL
LT Perceiver 2857 LU, SEBRINC Z DRpME: % 1
Bl SHBEICT—2EERHEMXEED, »
A IR—=28F X — RDBGEIT & % ET VOEMEN
DT XD, VIRERFREZ X 71281 2 thFL
Y D7E% FITHGEE L 72\,

BT EE

AW JSPS BHFE JP22K17918 DB %
R bDTY.

BE 3k

1) Y. Gao et al., Deep learning for tactile un-
derstanding from visual and haptic data, 2016
IEEE International Conference on Robotics
and Automation (ICRA), pp. 536-543, 2016.

2) A. Dosovitskiy et al., An Image is Worth
16x16 Words: Transformers for Image Recog-
nition at Scale, arXiw:2010.11929, 2021.

3) HH' S, Transformer 7 —F 7 7 F ¥ IZED A
H - BHIEROME S AT D%, 55 37 [HIE
BRPES VHE D 4, #HE, pp. 368371, 2022,

4) HH, Transformer 7 —F 7 7 F v ITHED i
W BT IEE A © DR OMES, 55 43 |
AT B EhHE S~ 2 N SER AT s T =, A,
pp. 204205, 2024.

5) A. Jaegle et al., Perceiver: General Percep-
tion with Iterative Attention, Proceedings of
the 38th International Conference on Machine
Learning, pp. 139:4651-4664, 2021.

— 4 —



